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VALIDATION OF OPTIMAL ELECTRIC VEHICLE CHARGING STATION
ALLOTMENT ON IEEE 15-BUS SYSTEM

Introduction. The diminishing conventional energy resources and their adverse environmental impacts compelled the researchers and
industries to move towards the nonconventional energy resources. Consequently, a drastic paradigm shift is observed in the power and
transportation sectors from the traditional fossil fuel based to the renewable energy-based technologies. Considering the proliferation of
electric vehicles, the energy companies have been working continuously to extend electric vehicle charging facilities. Problem. Down the
line, the inclusion of electric vehicle charging stations to the electric grid upsurges the complication as charging demands are random in
nature all over the grid, and in turn, an unplanned electric vehicle charging station installation may cause for the system profile
degradation. Purpose. To mitigate the problem, optimum allocation of the charging stations in existing power distribution system in a
strategic manner is a matter of pronounced importance in maintaining the system stability and power quality. In this paper, optimum
allocation of electric vehicle charging stations in IEEE 15-bus system is studied in order to minimize the highest over and under voltage
deviations. Methodology. Primarily, voltage stability analysis is carried out for identification of the suitable system nodes for the
integration. Voltage sensitivity indices of all the system nodes are calculated by introducing an incremental change in reactive power
injection and noting down the corresponding change in node voltage for all nodes. Henceforth, dynamic load-flow analysis is performed
using a fast and efficient power flow analysis technique while using particle swarm optimization method in finding the optimal locations.
Results. The results obtained by the application of the mentioned techniques on IEEE 15-bus system not only give the optimum feasible
locations of the electric vehicle charging stations, but also provide the maximum number of such charging stations of stipulated sizes
which can be incorporated while maintaining the voltage profile. Originality. The originality of the proposed work is the development of
the objective function; voltage stability analysis, power flow analysis and optimization algorithms. Practical value. The proposed work
demonstrates the detailed procedure of optimum electric vehicle charging station allotment. The experimental results can be used for the
subsequent execution in real field. References 15, table 1, figures 4.

Key words: electric vehicle charging station, optimal allotment, IEEE 15-bus system, voltage stability analysis, load-flow
analysis, particle swarm optimization.

Bemyn. 3menwenns mpaduyitinux enepeemuuHuX pecypcie ma ix Hecnpusmaueuil 6Nau6 HA HABKOIUWIHE cepedoguuje 3MYCUnu
docnionuxie i eany3i npomuciogocmi nepeimu 00 HempaouyiliHux enepeemuunux pecypcie. Omoice, 6 enepeemuyuHOMy ma
MPAHCNOPMHOMY CEKMOPax CHOCMEPicacmvcs KapOUHANbHA 3MIHA NApaoueMu 8i0 mpaouyiiiHo2o 6UKONHO20 NAIUea 00 MexHON02il,
wo 6azyombcss HA BIOHOGNIOBAHUX Odicepenax eHepeii. bepyuu 00 yeazu po3noecioOdicenHs eneKmpomooinie, eHepeemuyti KOMNaHii
NOCMILIHO NPaYIoMb HAO POSUUPEHHAM NOMYAHCHOCIEN 05 3apsA0KU elekmpomodinie. IIpoonema. Brniouenns 3apaonux cmanyiii 01a
e1eKmpoMobiNie 00 eneKMPUYHOL MepexCi BUKTUKAE YCKIAOHEHH S, OCKIIbKU 8UMO2U 00 3apAO0KU Mal0ms UNAOKOSULL Xapakmep no 6ciil
eeKmpomepedici, i, 8 CBOI0 uepzy, He3anIaHo8aHa YCMAHOBKA 3apa0HOT cmanyii 0 eneKmpomMoobinie Modice npuzeecmu 00 NOSIPUIeHHS
npoghino cucmemu. Mema. [L[o6 nonecwiumu npobremy, onmumantbHe pO3MIiujeHHs 3apaoOHux Cmanyill 8 iICHyoUill cucmemi po3nooiny
efeKmpoeHepeli cmpameivHum YUHOM € NUMAHHAM HAO3GUHAIIHO 8AANCIUB020 3HAYEHHS OJsl NIOMPUMKU CMAOLILHOCMI cucmemu ma
saKocmi enekmpoenepeii. YV yiti pobomi 6usuacmvcs ONMuManbHe po3miujeHHs 3apAOHUX CIAHYil 05l eNeKMPUYHUX MPAHCHOPIMHUX
3aco6ig 6 15-wunniti cucmemi IEEE 3 memoio minimizayii Hatusuwux eioxuneHv Hanpyeu e2opy ma oonusy. Memooonocis. B nepuiy
yepey, npoeooUmMbCs aHaui3 cmabiibHocmi Hanpyeu 075 i0enmugixayii 6i0nosioHux €ysnie cucmemu O0as inmeepayii. Ilokaznuxu
YYmaueocmi 00 Hanpyau 6Cix Gy3/i@ CUCMeMU 0OYUCTIOIOMbCA WIIAXOM 66E0EHH NOCIYN0BOI 3MIHU NOOAYT PeaKmMuHOi NOMYHCHOCII
ma GiOMimKU GiONOGIOHOI 3MIHU 8Y371080i HANpyau OA 6cix 8y31ie. Hadani Ounamiynuil ananiz nomoxy Ha8aHMadCeHHs GUKOHYEMbCA 3a
00NOMO02010 WBUOKO20 MA eheKMUBHO20 MmOy aHANI3Y NOMOKY HOMYICHOCHI, BUKOPUCMOBYIOUU MenOoO ONMUMI3ayii poio YacmuHox
0151 NOWLYKY ONMUMATLHUX Micyb posmautyéanns. Pezynomamu. Pe3ynemamu, ompumani npu 3acmocy8anti 3a31HaieHux memoois na
15-wunniti cucmemi IEEE, ne minvku 0aroms OnmuMaibHO MOJICIUGE POIMAULYEAHHS 3aPSOHUX CIMAHYIL eleKmpoMODLTie, ale MaKoiC
3a6e3newyions MaKCUMANbHY KilbKiCmb MAKUX 3apsOHuX CIaHyill 6CIAaHOBIEeHUX pO3MIPI6, AKI MOJICHA 8KIIOUUMU, 30epiealoyu npodins
nanpyeu. Opuzinansnicms. Opuzinansbhicms 3anponoHo8anoi pobomu noas2ac y po3eumxy yinbosoi Gyukyii; y ananizi cmabinbHocmi
Hanpyeu,; y aneopummax ananizy ma onmumizayii nomoky nomyxcnocmi. Ilpakmuyune 3nauenus. 3anpononosana pob6oma 0emoHcmpye
OdemanvHy npoyeoypy ONMUMAIbHO20 PO3NOOLTY CMAHYil 3apAoKu eneKmpomooinie. Pesyiomamu excnepumenmie mModicymos Oymu
suKopucmati ost nodanswiol peanizayii 6 peanvnux ymogax. bioin. 15, Tabn. 1, puc. 4.

Kniouoei cnoea: 3apsifHa CTaHUisz VIl eJ1eKTPOMOOLIIB, onTHMaJbHUN po3moain, 15-mmHHa cucrema IEEE, ananis
cTa0iIbHOCTI HANIPYTH, AaHAJII3 IOTOKY HABAHTAKEHHS, ONITUMI3allis POI0 YACTUHOK.

1. Introduction. Presently, the transportation sector
is being transformed rapidly to adopt electric vehicles
(EVs) as it is an important revolution to circumvent the
depletion of conventional energy resources and their
detrimental environmental impacts like global warming,
public health hazards, etc. [1]. With the proliferation of
EVs, there is an equivalent obligation to meet the EV
charging needs. In this perspective, a massive
infrastructure planning is required towards the installation
of electric vehicle charging stations (EVCSs) [2].
Expansion of generation and energy storage planning is
the concern to accommodate many EVCSs. The
generation extension may be combined with energy

storage systems. However, the generation expansion is
constrained by several factors like renewable energy
integration, rating of existing transmission/distribution
lines, investment cost, risk assessment, long-term
planning, etc. [3].

Optimal allocation of EVCSs can comfort to
accommodate a substantial number of EVCSs in existing
power system while sinking power losses and functioning
cost in tandem with voltage stability. In recent years,
several studies have been carried out in the domain of
optimal sizing and allocation of the EVCSs in power
distribution networks. In [4], greedy algorithm along with
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three other optimization techniques was presented for
maximizing the accessibility of EVCS to the EV owners.
In [5], a stochastic collaborative planning for EVCS
integrated distribution network was performed by
utilizing a realistic traffic assignment model in
conjunction with conical congestion function. Optimal
placement of fast charging EVCSs for charging cost
minimization using game theory was proposed in [6]. A
multi-objective bi-layer Pareto optimization technique for
maximizing EV parking garage profit and minimizing line
loss as well as voltage deviation was pronounced in [7]. A
multi-agent system (MAS) simulation framework along
with evidential reasoning (ER) approach was used for
minimizing the charging cost, charging waiting time and
charging travel time [8].Optimal allocation of EVCSs for
sharing charging level improvement and total charging
distance minimization was presented [9]. In [10], a
collaborative multi-aggregator EV charging scheduling
for PV powered EVCSs for aggregator total profit
maximization was accomplished. An optimum distributed
energy trading strategy was proposed using game theory
on an EVCS incorporated integrated energy system (IES)
[11]. A geographic information system (GIS) based
technique for PV based EVCS location analysis and
evaluation was presented in [12].

Literature review reveals that less amount of work is
performed in the domain of EVCS allocation in view of
voltage profile retention. Another general shortfall of all
these researches is the absence of voltage stability
analysis which is vital to check the suitability of the nodes
for power injection/absorption while retaining the system
stability.

In the present work, an effective strategy for optimal
allocation of EVCSs to maintain the voltage profile of a
distribution network is presented. Among the different
optimization techniques, the particle swarm optimization
(PSO) is an easy and distinct convergence technique [13].
Thus, PSO technique is adopted in compliance with an
efficient dynamic power flow analysis method. IEEE
15-bus system is taken for optimal allocation of EVCSs
with respect to minimization of node voltage deviation.
The optimum results obtained from the case study are
substantiated with the voltage stability analysis results. A
comparison of the system voltage profile with EVCS and
without EVCS is presented to show the effectiveness of
the optimal allocation of EVCSs.

The rest portion of this paper is structured as
follows: problem formulation is included in Section 2.
Voltage stability analysis is discussed in Section 3. Power
flow analysis and PSO technique are described in
Sections 4 and 5, respectively, whereas Section 6 presents
the proposed power flow analysis collaborated PSO
technique in detail. Results and discussion are placed in
Section 7, and finally Section 8 concludes the paper.

The aim of the paper is to optimally allocate the
maximum number of electric vehicle charging stations of
specific sizes while retaining the voltage profile. In turn
the system stability, power balance and power quality will
be maintained.

2. Problem formulation. Objective function. The
integration of several EVCSs into a distribution network
can introduce severe voltage deviations in different

feeders depending on the power flow. Therefore, optimal
sizing and allocation of such EVCSs are very essential in
maintaining the voltage deviation within the standard
limit. In view of this, an objective function is formulated
to minimize the highest voltage rise and drop with respect
to the reference voltage.
To objective function is defined as

MinimizeEdevihighest =

= Minimize| ({V .oy =VIFNG, D1}, (Ve =VIFNG, j+D]}) =

= Minimize ({| Vo | =[VIENGDI ALV yer [ =

J(BLFBG, D + 5T FBG. N
VIENG. )]

—{UVIFNG D=

x| ZIFBG, P1I}}).
The voltage of the (j + 1)" node of the i"™ path is
|[VIENG, j+D1I=[VIFNG, )] -

— o2 2
_\/(PS[FB(Z,])]) +st[FB(”f)]) | ZLFBG, )], *
|VIFN(i, )|

where i =1, .., TN andj = 1, ..., N(i) — 1; i represents the
main feeder, lateral or sublateral number of the
distribution network; i path signifies the paths associated
with main feeder, laterals, and sub-laterals; TN is the total
number of paths of the network; j is the index for
representing the nodes and branches of the i path; N(i) is
the maximum number of nodes present in the i path. As
number of branches present in a path is exactly 1 less than
the number of nodes, the total number of branches of the
i path is N(i) — 1. Henceforth, [FB (i, j)] presents the
branches of the i" path and for j = N(i) — 1, [FB (i, j)]
denotes the last branch of the associated i path. [FN(, /)]
indicates the nodes of the allied /™ path. For j = N(i) — 1,
[FN (i, j)] presents the node just before the last node.
[FN(i, j+1)] presents the last node of the i path. Egeyinighest
is the highest voltage (over and under voltage) errors
among the node voltages of the distribution system; V., is
the reference bus voltage, which is taken as (1 + j-0) pu.
The voltage of main feeder first node V [FN (1,1)] = (1 +
+j-0) pu. V[FN(i,1)] denotes the first node voltage of the
i" path. V[FN(i, j)] is the /" node voltage of the /" path.
Z[FB(i, j)] represents the /™ branch impedance of the
i" path. Ps[FB(i, j)] and O4[FB(i, j)] are the active and
reactive power flows of the [FB(i, j)] branch.

Decision variables. EVCS locations.

An array named EVCSLOCS is assigned to store the
decision variables of the proposed optimization problem,
i.e., the randomly generated EVCS locations

EVCSLOCS =[EVCSLOCS,,..., EVCSLOCS;. .., )
.. EVCSLOCS, 1,

where EVCSLOCS; denotes the i EVCS location among
total n number of EVCS locations.

The operating range of EVCSLOCS; is restricted to
[FNG, j)]; for i = 1, j = 2,...,N(i) and for i = 2,...,TN,
j = 1,...,N(i). The total number of EVCSs (n) varies based
on the requirements of different case studies.

Maximum powers of the EVCSs.

Two arrays named Pgy,, and Qgyy, are assigned to
hold the active and reactive power capacities of the
EVCSs
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Prysim =[Pevsm s PEvstni s> PEVsnn 15 4)

Okvsin =OEvsin1 >+ OEVstni s+ QEVsinn ] » (5)
where n is the numbers of EVCSs are to be allocated;
Prygni and Qgyy, are an active and reactive power
capacities of /" EVCS (EVCS,) respectively.

Bus voltage constraints.

Vrnin <VIFN(, ])] < Vmax (6)
where V[FN(i, j)] represents the node voltages of the
distribution network.

The Vi and V. are taken as 0.9 pu and 1.1 pu
respectively for primary distribution.

3. Voltage stability analysis. Voltage stability
analysis is a mandate to identify the suitable nodes
appropriate for load point integration [14] in view of
retaining the overall system stability. For checking the
stability of the network due to integration of EVCS at
different nodes accept the swing bus, the voltage
sensitivity analysis of all these nodes is essential. For a
decoupled network, the voltage sensitivity is dominantly
reliant on its reactive power sensitivity (6Q,/0V,). The
voltage sensitivity index (VSI) for n™ node is defined as

Vi 7)

VSI |,=
n

where 90, and oV, represent the incremental changes in
n™ node reactive power Q, and voltage ¥, respectively.
The term (5Q,/0V,) represents the ratio of the two
incremental changes. JV,/00, is the reciprocal of the
aforesaid ratio. It denotes the incremental change in node
voltage oV, subjected to a corresponding incremental
change in reactive power , and is called the VSI of the
n™ node.

Positive value of VSI indicates a suitable node for
load point inclusion, whereas, negative VSI implies an
unstable node. The less value of positive VSI infers a
more stable node and vice versa.

4. Power flow analysis. An efficient power flow
analysis method [15] is utilized along with the PSO
optimization technique for dynamic power flow and node
voltage calculation. The governing equations of this
method are

WVIENG Dlota | =1 VIENG j+Dloa | .

ITFB(, Nlpew |= . ; (8
[ I[FB(, )lpew | | ZIFBG)]] (3

LP[FB(i, )lpew =| [LFBG, Nyew I* -RIFBG, ))]; (9)
LOLFB(i, )pew =| IIFBG, [Ylew |* -X[FB(i, j)]; (10)
| V[FN(iaj+1)]new |:| V[FN(i’j)]new | -

VBB e + O FBG e
I[VIFN(, /)]

x| ZLFB(, j)]1,
where, i = 1, ..., TN and j = 1, ..., N(i) — 1. The notations
used in this section are like the notations mentioned in
«objective function» section. V[FN(i, j)], I[FB(i, j)],
LP[FB(i, j)] and LQ[FB(i, j)] are the relevant node
voltage, line current, line active and reactive power losses
respectively. The active and reactive power flows from
the branch [FB(i, j)] are Ps[FB(i, j)] and Qs[FB(i, j)]
respectively, which are dependent upon the values of

(11

new |

LPIFB, j)1, LOIFBG, j)], PLLFNG, j)l, QuIFNG, j)] and
the system configuration. P;[FN(i, j)] and Q;[FN(, j)] are
the load active and reactive powers connected to the
[FN(, j)] node. The subscript «mew» represents the
running iteration of power flow, whereas subscript «old»
denotes the previous iteration.

5. PSO algorithm. PSO [13] is a population-driven
algorithm which shows a good resemblance with the flock
of birds searching for food in a search space. The entire
population is called the swarm and individual members of
the swarm are called particles. In contrast to the
conventional optimization techniques, PSO gives faster
convergence, identification of global optima in presence
of local optima along with the features of simplicity in
programming and adaptability for the constrained
problems.

The governing equations for PSO algorithm are

Vi) =o(0) Vit=D+cp-n-(BE-D)-X;-D)+ (12)

+ey (G- - X;(-1);
and

Xi()=X;t=D+V (1), (13)

where X; and V; symbolize the position and velocity of the
i particle, and are denoted by X; = [x;1, ..., x;,] and
Vi = [vi1, ..., vin]l. These are the arrays, which contain the
position and velocity of the i™ particle. P; and G are the
arrays containing the local best position of the i particle
and global best position of all the particles of the swarm
ever visited in each iteration. Symbol «#» represents the
current iteration number and (¢ — 1) signifies the previous
iteration number, 1 < ¢ < [T, where [T, is the
maximum iteration number.

When ¢ =1 the Vit — 1), X(t — 1), P(¢t — 1) and
G(t — 1) present V(0), Xi(0), P{0) and G(0) respectively.
These are the 0" iteration (initial) values of velocity,
position, best position of i particle and global best
position of the entire swarm. Before starting the iteration
process, initialization of all the particles’ position,
velocity, particles’ best position and global best position
of the entire swarm is accomplished. The entire swarm
size or population of all the particles is denoted by n,,,.
Therefore, 1 <i < ny,,. At first, x; to x;, (the positions of n
numbers of decision variables) of all the particles are
initialized by generating random values in » dimensional
search space. Velocities (V;) of all the particles are
initialized by storing zeros. After initialization of
particles” position and velocity arrays, the objective
function is calculated. Particle’s best position P; is
initialized by assigning the same initial random values
stored inside the X; array for all particles. Particle’s initial
objective function value is stored inside the particle’s best
objective function array for initialization. Global best
objective function is initialized by taking (0) or (inf) for
the  maximization and minimization problems
respectively. Gradually, with the initialization of each
particle’s best values; continuous updating of global best
values (global best position G along with global best
objective function value) for the entire swarm is
completed to achieve the final initialized global best
values. w is the inertia coefficient. At first iteration,
usually its value is taken as 1 for the entire swarm and
gradually at successive iterations, its value decreases to
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almost zero if damping inertia coefficient, @y, is
introduced. a?) = (T — 1)- Wyamp- €1, > are the cognitive
and social parameters respectively, and |, r, denote
random numbers.

6. Power flow coordinated PSO technique. To
attain minimum values of highest over and under voltage
deviations (Egerorn and Egemorn) N accommodating
multiple numbers of EVCSs in a distribution network,
PSO is exploited with power flow method. The maximum
power handling capacities of EVCSs are selected
considering different relevant factors. After selection of
the EVCS capacities, the next step is to generate random
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EVCS locations within the lower and upper bounds of
distribution feeder to initialize the entire swarm. These
random EVCS locations generated inside the PSO
algorithm for each particle are sent chronologically inside
the power flow analysis function as input arguments.
System data along with the EVCS capacities are
encumbered inside the power flow algorithm. The
distribution network data is updated inside the power flow
algorithm based on these random EVCS locations. The
power flow algorithm executes concurrently with the PSO
method. Figure 1 shows the flow chart of the proposed
power flow coordinated PSO technique.

P
{
\?

Calculate velocity and
then position of particle /

Round off the position
array of particle 7

!

Run the power flow and calculate the
objective function ( Egevi pighest) for
particle i

v
Update the particle i’s best and
global best values

v

i=i+1

g
(L

O =0 . Odamp

Global best of PSO is the solution
of optimal EVCS allocation
problem

Fig. 1. Flow chart of the power flow coordinated PSO technique
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7. Results and discussion. The IEEE 15-bus radial
distribution system, shown in Fig. 2 is taken for the case
study. The active and reactive power demands are 1126.5
kW and 1251.182 kVAR respectively. The base values
are chosen as 100 MVA, 11 kV. The normalized voltage
sensitivity indices of all nodes are calculated by finding
out the 8V,/50, value of the n™ node, where n = [FN(i, /)],
excluding the main feeder first node. For this purpose, an
incremental change in reactive power of the n™ node is
introduced and the corresponding incremental change in
node voltage is obtained by applying power flow analysis.
Figure 3 presents the normalized voltage sensitivity
indices of the test network.

N

10

V ]
Fig. 2. IEEE 15-bus system
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Fig. 3. Normalized voltage sensitivity indices of 15-bus system

It is observed that node number 13 is inappropriate
for power injection or extraction into the system as the
VSI value of this node is negative. Other nodes are having
positive VSIs and guarantee the sustained stability of the
system. But amidst them, node numbers 3, 4 and 5 attain
high values of VSI. Therefore, these are the
comparatively weaker nodes. Amongst these three nodes,
node 3 is unsuitable for power injection as the VSI value

of this node is very high. The other two nodes, i.e. nodes
4 and 5, can be considered for EVCS integration. After
sensitivity analysis, gradually augmented numbers of
identical EVCSs are approached to investigate the effect
of newly integrated EVCSs upon the system voltage
profile. The motive is to find out the maximum number of
such EVCSs that the network can accommodate without
compromising the voltage profile. The proposed power
flow collaborated PSO technique is utilized for this
purpose. For the execution of the PSO algorithm, the
value of @y, 1s taken as 0.99. ¢, and ¢, are set to 0.5
each. r; and r, are taken from the uniform distribution
interval [0 1]. For deciding the capacity of each EVCS,
maximum 2 EV charging requirement per EVCS is
considered. Considering 8 kW DC charger, the total
power consumed by 2 EVs are 16(2x8) kW DC. Rectifier
efficiency is 90 %. Henceforth, the rectifier input power is
17.78 (16x100/90) kVA AC. Taking grid load power
factor as 0.7, the active and reactive powers drawn from
the grid by each EVCS are 12.446 (17.78x0.7) kW and
12.7 (17.78%0.7141) kVAR correspondingly. The per unit
values of these powers are 0.00012446 pu and 0.000127 pu.
Four trials are carried out considering 2, 3, 4 and 5 EVCS
allocation. In each trial, the global best values i.e.
optimum values of highest over and under voltage
deviations (Egvervorn and Egemorn) along with the
optimum EVCS locations are captured. The results are
illustrated in Table 1.

Table 1

Optimum feasible EVCS locations for gradually augmented
EVCS numbers along with the optimum voltage errors

]I:\I\(/)C%fs Optimum fgasible E{,W,vol,h E,,.,,dc,n,ol,h
| EVCS Locations — (in pu) (in pu)
2 9 | 10 0.0472 0
3 8 19 |10 0.0475 0
4 7181910 0.0478 0
5 318910 10 0.483 0

From the results, it is seen that maximum 4 numbers
of EVCSs of stipulated sizes are feasible to be integrated
at optimum locations 7, 8, 9 and 10. Increasing the EVCS
number to 5 gives two repeated optimum locations at
node number 10 which is not suitable for implementation.
The optimum nodes 7, 8, 9 and 10 achieved from this case
study are verified with the results of sensitivity analysis
and found to be satisfactory. The highest over and under
voltage errors are substantially lesser (0.0033 pu and
0 pu) compared to the stipulated voltage errors limits
(£ 0.1 %). That’s why these locations are considered as
the optimum locations for EVCS integration.

Figure 4 shows a comparison in between the voltage
profiles of the system with EVCS and without EVCS.
From this analysis, it is observed that voltage profile of
the system with EVCS is far better than that of without
EVCS. For the system without EVCS, the highest over
and under voltage errors are 0 pu and 0.0554 pu,
respectively.
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Fig. 4 Comparison of node voltage profile with and without
EVCS for 15-bus system
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8. Conclusions.

Optimal allocation of electric vehicle charging
stations in an existing power distribution system is of
great importance for maintaining voltage profile. An
effective strategy, i.e. power flow analysis coordinated
with particle swarm optimization, is applied for the
deployment of electric vehicle charging stations in a
distribution network with the intention of optimal power
flow and voltage profile improvement. Voltage stability
analysis is carried out by calculating the voltage
sensitivity indices of the network nodes to identify the
suitable nodes for the integration. IEEE 15-bus system is
taken to wvalidate the usefulness of the anticipated
procedure. Comparison of system voltage profiles with
and without electric vehicle charging stations is presented
to reveal the effectiveness of the optimal allocation with
the proposed strategy.
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